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Abstract

Extensive anecdotal evidence suggests that practices related to familism are widespread
in Italian universities. However, systematic evidence is not available since information
on family relations is generally unavailable or confidential. We explore the relevance
of family connections in the Italian academia as well as the relationship between famil-
ism and scientific production using a novel dataset on Italian university professors
with a particular focus on the informative content of professors’ last names. We con-
struct an index of academic ‘homonymity’ (AHI) by comparing the relative frequency
of a last name in each academic unit with its relative frequency in the population of
the area in which the university is located derived from data from the Italian fiscal
census. Our index provides an intuitive measure of how disproportionately common a
certain last name is within a specific academic unit relative to the overall underlying
population. We then use the index to investigate differences across academic units
in the relevance of family connections. Our results are highly consistent with the
anecdotal evidence and show significant differences across regions, universities, and
disciplines. Interestingly, we also find a strong negative correlation between our index
of homonymity and standard measures of interpersonal trust in the area where the
university is located. Finally, with regard to the relationship between the strength
of family connections and academic productivity, our preliminary findings show that
universities which score higher in our homonymity measure tend to be characterized
by poorer academic performance, especially in terms of research achievement.
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I. Introduction

The issue of weather family relations have a positive impact on productivity has been widely
debated in industrial organization. For example, some have argued that family-owned and
family-run businesses may exhibit significant gains in productivity due to the unification
of ownership and control. To what extent may a similar mechanism operate in the context
of academia? This project explores the relevance of family connections and their potential
impact on scientific production in the context of the Italian university system.

Extensive anecdotal evidence suggests that practices related to nepotism 1 are widespread
in Italian universities. In March 2005, for example, the University of Bari was involved
in a major scandal which newspapers referred to as “family affairs”. Journalists’ inves-
tigations showed that a number of faculty members from several academic departments
were relatives. In many cases the same last name appeared repeatedly on professors’ office
doors. Although the case of Bari may represent an extreme example of this phenomenon,
it is by no means an isolated case in the Italian university system. Similar cases have been
reported for the University of Cagliari, Calabria, Bologna, Modena and Reggio-Emilia,
Florence, Naples, Rome and Messina2. This project aims to provide systematic evidence
of the relevance of family connections within Italian academia.

To this end, we use an original data set on professors’ last names available from the
Italian Ministry of University and Research (MIUR)3. The MIUR data cover all profes-
sors (61,599) employed in both private and public universities and include information on
professors’ first and last name, university and department of affiliation, discipline, and
position.

We construct an academic homonymity index (AHI) by comparing the relative frequency
of each last name in each academic unit (department, faculty, university) with its relative
frequency in the population of the province and the region in which the university is located.
Data on the distribution of last names in the Italian population were primarily obtained
from the Italian fiscal census. Our index is meant to provide an intuitive and coherent
measure of how common a certain last name is within a specific academic unit relative
to the overall underlying population. Intuitively, that a certain last name is significantly
more common within an academic unit than within the population from which professors
are drawn from may suggest, though not necessarily, that the selection process is based on
criteria other than academic merit, in primis, on family ties.

Our measure allows us to investigate differences across universities and across disci-
plines in terms of the relevance of family connections. For example, when ranking Italian
universities based on their departments’ average score in our homonymity index, we find
that the universities of Messina, Bari, and Catania occupy the top three positions, a re-

1According to the Merriam-Webster Dictionary the term nepotism means “favoritism (as in appointment
to a job) based on kinship”.

2For examples of press coverage concerning these cases see “La parentopoli dell’università. Ecco tutti
i figli di”, by Paolo Posterano, in Il Riformista, July 11th 2008, and “Il prof tiene famiglia”, by Antonio
Rossitto and Antonella Palmieri, in Panorama, January 25th 2008.

3Data are available at the MIUR-CINECA website: http://cercauniversita.cineca.it.



sult consistent with the extensive anecdotal evidence mentioned above. With regard to
differences across disciplines, the area of medicine is characterized by the highest score
in our homonymity index, followed by veterinary and agriculture. Interestingly, we also
find a negative correlation between our index of homonymity and standard measures of
interpersonal trust in the area where the university is located. In light of previous findings
(Banfield, 1958, Alesina and Giuliano, 2007) we interpret this result as evidence that, even
in the context of the university system, in areas characterized by low levels of generalized
trust, family ties tend to play a more important role.

The ultimate goal of our analysis is to shed light on how the strength of family connec-
tions may affect the overall productivity of academic institutions. To this end, we plan to
use our indicators of nepotism to understand whether departments and universities char-
acterized by relatively high levels of family connections perform better or worse in terms
of standard indicators of academic performance. With regard to family connections, our
preliminary results suggest that, indeed, universities which score higher in our homonymity
measure tend to be characterized by poorer academic performance, especially in terms of
research achievement. Interestingly, although our index is negatively correlated with all
measures of academic performance (overall ranking, research, international relations, pro-
fessors’ profile), it is positively correlated with the number of courses and programs offered
by a university.

II. Literature review

Labor economists have extensively investigated the role played by social networks in indi-
viduals’ job search.

Using ECHP data Pellizzari (2007) investigates differences in wages and productivity
across jobs found through different channels and finds that those jobs obtained through
informal networks are generally of better quality and pay higher wages. Kramarz and Skans
(2006) study the role of family networks in the Swedish labor market, particular focusing
on young workers seeking first occupation after completing school. Their findings suggest
that family connections are indeed very valuable, especially for low-educated males who
are likely to be hired in the same place as their fathers.

Focusing on Italy, Sylos Labini (2007) finds that in areas with low social capital indi-
viduals tend to rely more heavily on the help of family members to find a job. Following
Guiso et al. (2004), Sylos Labini uses turnout in referenda and blood donations as prox-
ies for social capital. An alternative approach, employed by Alesina and Giuliano (2008)
among others, is to use the average score in survey questions - such as those included in the
European Social Survey - on generalized trust and the importance of family. We will use
both of these approaches in our empirical analysis in order to test the relationship between
social capital and our measure of family connections in academia.

Recent contributions have also investigated the importance of family connections within
specific professions. One example is Dal Bo et al. (2007) who study political dynasties in
the United States Congress since 1789. They find that family connections are more relevant



among politicians than in other occupations, and that legislators that enjoy longer tenures
are significantly more likely to have relatives entering Congress later.

The perception of what determines who has access to a certain career is also likely to
affect individuals’ ex ante incentive to invest in profession-specific human capital. In the
case of academia, for example, the perception that those individuals with a strong fam-
ily network may be advantaged when competing for academic jobs may deter potentially
high-quality candidates lacking such connections from pursuing an academic career. From
a theoretical point of view this issue is not dissimilar from the potential effect of discrimi-
nation and affirmative action policies on individual propensity to invest in human capital
(Fryer and Loury, 2007), another stream of the literature to which our contributions is
partly related.

From an empirical point of view identifying family connections within a certain popu-
lation is usually not an easy task since this kind of information is generally unavailable or
otherwise confidential. To overcome these limitations, we exploit the informative content
of professors’ last names. In fact, since there is a relatively small number of last names in
the entire population, individuals with the same last name are likely to have family ties.
As a consequence, last names can potentially provide valuable information about family
connections. The use of last names is not new in economics. Angelucci et. al (2007) use
last names to identify family bonds to explore the impact of the Progresa program in Mex-
ico. Similarly, Acemoglu et al. (2007) use names and last names of municipalities’ mayors
in Cundinamarca between 1875 and 1895 to construct an index of political concentration,
and to study how a restricted number of influential families monopolized local political
power. Guell et al. (2007) exploit the informative content of last names to investigate
intergenerational mobility in Catalonia using cross-sectional Census data4. Finally, in a
very recent contribution, Brenner and Rubinstein (2008) use differences in last names be-
tween Jewish individuals with one ashkenazi and one sephardic parent to study the effect
of discrimination in the Israeli labor market.

Finally our paper is also related to the literature on the functioning of academic sys-
tems, and of the Italian one in particular. Gagliarducci et al. (2005), for example, try
to explain the extreme localism that characterizes Italian academia and the inability of
Italian universities to attract foreign researchers. The authors argue that these issues are
not due to a lack of financial resources but rather to a lack of proper incentives reflected,

4Their empirical strategy can be summarized as follows. They start by estimating two separate regres-
sions. In the first specification they regress an index of individual economic wellbeing on a dummy for the
individual’s last name as well as a whole range of individual controls. This allow them to measure what
part of the outcome of interest can be inferred from his/her last name. The high R-square of the regression
suggests that indeed last names can explain a significant fraction of the variation. The second regression
has the same structure as the first one; in this case, however, the last name dummy is related to a fake
surname drawn from the same distribution as the actual surnames and randomly assigned to each indi-
vidual. The difference between the R-square of the two regressions provide a measure of what they define
as the Informative Content of Surnames (ICS). The authors then use the ICS to model the link between
income and last names in order to understand the underlying mechanism through which last names relate
to individual economic well being, and whether this operates through intergenerational mobility. Finally,
they apply the model to investigate the evolution of intergenerational mobility.



for example, in academic wages based on seniority rather than on actual research perfor-
mance. Perotti (2002, 2008) provides a comprehensive description of the Italian academic
system with a particular focus on recruitment procedures. He compares the British and the
Italian academic systems, emphasizing the latter’s systematic lack of meritocracy and the
inefficient use of resources. He also provides extensive evidence of widespread nepotism in
some Italian universities as well as recommends how to improve the overall quality of Ital-
ian academia. Finally, beyond the Italian context, Shimbori (1964) provides an interesting
picture of the Japanese academic system during the 1960s. Using information from several
editions of the World’s Who is Who, combined with a number of ethnographic sources, he
stresses the differences between the Japanese academic system, and those of France, West
Germany, the United Kingdom and the US. He finds that most Japanese professors are
former students of the university at which they are employed. Also, professors perceive the
institution they work for as a sort of “family firm”, and are extremely reluctant to transfer
to other universities despite the prospect of higher wages. According to the author, this
pattern can be attributed, at least in part, to specific traits of Japanese culture.

III. On the Italian university system

Before proceeding to the empirical analysis, we provide a brief overview of the rules and
procedures that govern the Italian university system.

Each Italian university (ateneo) is divided into different faculties (facoltà) and depart-
ments (dipartimenti). While teaching activities are organized around the faculties, research
is organized around the departments which group professors with homogenous research in-
terests. Each professor belongs to a specific faculty and to one (or more) departments.

Professors’ recruitment and promotion is regulated by the Italian Ministry of University
and Research (MIUR). The Italian university system is not characterized by a a true tenure
process. There are three levels of seniority: a) assistant professor (ricercatore), associate
professor (professore associato), and full professor (professore ordinario). Researchers at
all three levels are subject to an initial trial period of three years, at which point they are
required to pass a formal review process in order to maintain their position. As pointed
out by Perotti (2002) and Checchi (2000), the confirmation process is de facto a formality
and only very rarely are professors denied confirmation by the evaluation committee.

The process of promotion to full professorship can be summarized as follows. A univer-
sity that wants to fill a vacancy is required to start a local public competition (concorso).
Each concorso requires the formation of a committee of five full professors - one appointed
by the university and the remaining four elected among the full professors in the discipline.
The committee is responsible for the evaluation of candidates’ scientific production and for
the selection of the three winning candidates (idonei). The university then has the choice
to appoint one of the winners; the remaining two can be hired by any other university
within three years5. Most commonly, a researcher spends his entire career - from assistant
to full professorship - within the same university. In practice, the process of selection and

5The recruitment procedures were changed in 1999. The previous system - that had been in place since
1980 - was based on a nationwide public competition held every few years and open to all candidates in a



promotion is often unrelated to the candidate’s actual scientific achievements. Indeed, in
several cases, less qualified candidates were preferred over those with higher quality profiles
(for a detailed description of some of these cases see Perotti, 2008).

IV. Data

In what follows we briefly describe the different kind of data that we employ in our empirical
analysis: a) data on university professors’ individual characteristics (both cross sectional
and panel); b) data on the frequency of last names in the Italian population; c) data
on academic performance by department; d) data on social trust in Italian regions and
provinces.

A. Data on professors

Both the cross-sectional and the panel data on university professors are from the Italian
Ministry of University and Research (MIUR). The cross sectional data include information
on all professors employed in all Italian universities (public and private) between 1998
and 2008. The following variables are available for each individual: first and last name,
university, faculty, and department of affiliation, discipline, and position. Table 1 presents
an example of the data set for a small sample of the academic population (including all
professors from the University of Bari with last name starting with the letter Z). Overall,
the data set covers 78 universities and over 700 faculties. The (unbalanced) panel data
include information for all professors between 1998 and 2008 (on average around 50,000
observations per year) including gender, date and place of birth, year of first hire, date of
confirmation, faculty and department of affiliation as well as an anonymous identifier that
allow us to follow each individual over time.

B. Data on last names in the population

Data on the frequency of last names in the Italian population are primarily obtained from
the fiscal census. The data cover all individuals residing in the Italian territory who pay
taxes to the Italian IRS. The data set includes the number of occurrences of each last
name in each Italian province as well as the corresponding percentage calculated over the
total population of taxpayers. The data in our possession do not include information on
individuals’ reported income but uniquely aggregate information on taxpayers’ last names.
The obvious limitation of using data from the fiscal census is that they do not cover those
individual who do not pay taxes. However, this limitation would only apply to total tax
evaders - those individuals who do not report any revenue to the IRS - and not those who
simply underreport their income. Overall, however, the data represents well the Italian
working age population. As a complementary source we also employ data from the Italian
phone book directory (www.paginebianche.it). The use of this data is also characterized by

particular discipline. The national committee would nominate a number winners equal to the total number
of vacancies. For an extensive description of the old procedures and a comparison between the old and the
new system see Perotti 2002.



some serious limitations since they do not account for all those individuals who do not have
a land line, and the members of the household other than the person under whose name the
line is registered (particularly women and younger people). Ideally, the most comprehensive
data would be those collected by the National Office of Vital Statistics (Anagrafe) which,
however, are not easily available to the public. Table 2 provides a summary of the data from
the fiscal census for the provinces of the capitals of the twenty Italian regions. For each
province we report the number of total last names recorded, the mean and the maximum
number of occurrences, and the most common last name.

C. Data on academic performance

With regard to measures of universities’ academic performance we use data from the annual
reports on Italian universities edited by CENSIS (Centro Studi Investimenti Sociali)6 for
the years between 2001 and 20077.

CENSIS annual reports include a detailed ranking of the Italian universities disaggre-
gated by discipline. A university’s position in each ranking is based on its score in each of
the following criteria:

a) Productivity : based on students’ average GPA and on the fraction of students that
graduate within the expected time.

b) Research: based on funding and grants received by the Italian Ministry for University
and Research to finance research projects of national interest(PRIN)

c) Teaching : based on the number of programs and courses offered by the university
and on the classrooms-to-students ratio.

d) Professors’ profile: based on the age profile of faculty members.

e) International relationships : based on the university’s relations with foreign partner
institutions and on the total number of foreign students and faculty members hosted during
the academic year.

f) Overall performance: average of the score in the five criteria described above.

We use the average of each of these indexes over the period years 2001-2006 as our
dependent variable.

To further test our hypothesis we use additional data on academic performance available
from the Conference of Italian Universities Rectors (CRUI). The CRUI data are elaborated
from bibliometric scores based on the ISI- Thomson ”World of knowledge” database.

6Founded in 1964, CENSIS is an independent research institute operating in the area of social sciences
and economics. Over the last decades CENSIS has conducted numerous research projects for a variety
of clients ranging from public administration to private companies to international organizations. Its
areas of expertise include: education, labor market, welfare policies, health system, local development,
logistics and transportation, energy, environmental and territorial policy, information and communication
technologies, mass-media and communication. More information can be found on the Institute web site
at: www.censis.it.

7We plan to expand our analysis using data on individual scientific performance. For the field of
Economics, for example, this measure will be derived from information on the number and quality of
publications available from Econlit



For each disciplinary area the data include measures of:
a) Research productivity : number of pubblications divided by the number of researchers

b) Research visibility : number of citations divided by the number of researchers
In order to assess academic performance in specific disciplines (e.g. Economics) we plan

to use additional data from discipline-specific international rankings of academic institu-
tions based on objective criteria such as the total number of publications, total number of
citations, impact factor, etc. (e.g. Econlit).

V. CONSTRUCTION OF THE INDEX

In what follows we briefly illustrate the procedure used to construct the academic homonymity
index (AHI) as well as the main properties of the index. As mentioned above, the AHI is
based on the comparison of the relative frequency of professors’ last names within a given
academic unit with their relative frequency in the overall population in a geographic unit
of reference.

The AHI for academic unit j relative to the population in geographic unit k is given
by:

AHIjk =
1

Nj

N∗j∑
i=1

log(
gij

rik

)

where gij represents the fraction of professors with last name i in academic unit j, rik is
the fraction of individuals with last name i in the population of the geographic unit k, and
Nj is the total number of last names represented in academic unit j. Our index is aimed
to capture cases of homonymity among professors, and not how common or uncommon
professors’ last names are in general. For this reason, when constructing the index, we
restrict our attention to those last names that appear more than once in a given academic
unit. The academic unit of interest (j) can be either a university, a faculty or a department
within a given university, a discipline or a scientific area (S.S.D).

With regard to the choice of the geographic unit of reference several options are avail-
able. One possibility is to consider the population of the province where the university’s
main campus is located, or, alternatively, the population of the region where the main
campus is located.8 In some cases, however, professors may reside in areas which, despite
being very close to the university location, fall in the territory of another region. One
example is the province of Reggio Calabria which, despite being part of another region, is
closer to the campus of the University of Messina than other provinces in Sicily (and even
closer than several districts within the province of Messina itself). One way to address this
concern is to consider, for each university, the set of surrounding provinces, composed by
all those provinces that fall within a given distance from the university’s main campus.

8The use of this criteria, which would be hard to justify in a very open and mobile academic market
such as the American one, seems rather realistic in the Italian context which is characterized by very low
mobility and in which, as mentioned above, most professors originate from areas surrounding the university
where they teach.



This is precisely the approach we use to construct an alternative version of our index. We
chose 40km as a reasonable commuting distance9.

Another source of concern is given by the fact that several Italian universities have
multiple campi, sometimes in very distant locations or in different regions. One example
is the University of Bologna, which has secondary campi in Forl̀ı, Rimini, Cesena, and
Ravenna. In principle, professors affiliated with a given university, but who are assigned to
a secondary campus, may decide to reside closer to the place where their actual professional
activity takes place rather than where the university’s main campus is located. Therefore,
considering the province (or region) where the main campus is located as the geographic
unit of reference may be misleading. To address this concern, we construct another version
of the index considering all those provinces where both primary or secondary campi are
located.

The maps presented in the Appendix provide a graphical representation of the crite-
ria used to construct the different versions of the AHI. Table 3 summarizes the different
academic units and the relative populations of reference used to construct the different
versions of the index.

The AHI, as described above, presents the following properties:

a) It equals 0 when no cases of homonymity are found in a given academic unit;

b) For a given set of last names appearing more than once, it is increasing in the number
of individuals sharing the same last name (e.g. higher score when 6 individuals, rather than
only 3, share the same last name);

c) For a given number of individuals sharing the same last name, it is higher the more un-
common the last name is in the population of reference (e.g. higher score when 2 professors
share a last name which appears only 4 rather than 100 times in the overall population).

VI. PRELIMINARY FINDINGS

In this section we present some preliminary findings based on the distribution of universities’
score on our homonymity index. As mentioned above, we construct four versions of the
index based on different criteria of geographic proximity to the university: province of the
main campus, region of the main campus, surrounding provinces, provinces of the primary
and secondary campi. It is worth noticing that, overall, the universities’ ranking does not
vary significantly when different versions of the index are considered; this is reassuring of
the fact that our measure is robust to different specification of the population of reference.

A. Differences across universities

Table 4 presents the ranking of the Italian universities based on the score on our AHI
measure, for each of the four versions of the index10. The score of each university is given

9However, adopting a different distance (e.g. 30km or 50km) does not change the qualitative results
discussed below.

10The universities are ranked according to the AHI’s version relative to population in the region where
the main campus is located.



by the average score of all its faculties.
The universities of Messina, Bari and Catania display the highest levels of homonymity

in all four specifications. A result which is not surprising in light of the anecdotal evidence
presented above. The descriptive statistics suggest the existence of considerable differences
across geographic areas with universities located in the South generally displaying high
levels of homonymity relative to those located in the Center and in the North of the
country. We also look at differences in AHI scores across discipline. To do so, we calculate
the AHI for all professors in a given discipline in each university, and average it across all
universities in which that discipline is represented. According to our results, among all
disciplines Medicine appear to be the area where cases of ”overepresented homonymity”
are the most frequent, followed respectively by Veterinary, and Agriculture (Table 5).

B. Observed vs.Simulated Homonymity

In principle, for those academic unit displaying very high values of the homonymity index,
we would be interested in testing the hypothesis that these high scores are generated by a
random selection process from the underlying population. One way to do so is, for each
academic unit, to simulate a large number of random draws from the underlying population
of last names, calculate the corresponding AHI, and finally compare the observed value of
AHI with the resulting artificial distribution. For example, consider the academic unit j
composed by nj professors, the corresponding geographic unit k, and the observed value
AHIjk.

Since we know the entire distribution of last names in unit k, we can simply ask the
computer to draw a random sample of size nj from the underlying population of unit k, and
to compute the corresponding value of the index based on the relative frequency of the last
names in the sample. By repeating this procedure for a sufficiently large number of times,
we can obtain a whole distribution of artificially generated AHI. Finally, by comparing
AHIjk to the corresponding simulated distribution we can test the hypothesis that AHIjk

was generated by a similar random sampling process from the underlying population.
We apply this procedure to individual departments using the province as geographic

unit of reference. For each department we simulate 100,000 random draws. Appendix Table
1 shows the results for the fifty departments with highest homonymity scores. On the base
of the p-values reported in the last column, we can generally reject the hyphothesis that
such high homonymity scores might be generated by a random process (the significance
level ranging between 1% and 5% for most of the cases).

C. Nepotism and social trust, nepotism and family ties

We now examine the relationship between our index of homonymity/familism and social
trust. From previous research we know that, in places with lower levels of generalized trust,
family ties are generally stronger (Banfield, 1958; Alesina and Giuliano, 2008). In a context
of low generalized trust and strong family ties one may expect individuals’ propensity to
favor relatives in the labor market to be more marked, and hence nepotistic practices to
be more widespread.



To test this hypothesis we need a measure of interpersonal trust. Measuring interper-
sonal trust is by no means an easy task. Several alternative measures have been used in
the literature. None of these, however, is without problems. Many researchers have used
aggregate indicators to proxy for social trust such as the number of civic and non-profit as-
sociations, turnout in elections, etc. Others have employed measures of self-reported trust
and trust-worthiness as assessed by individual responses to standard survey questions. We
will use both approaches to test our hypothesis. Following Guiso et al. (2004) we first
use the level of blood donation and turnout in referenda at the province level as proxies
for generalized trust. Table 6 (column 1 and 2) reports the raw correlation between these
variables and the different versions of our AHI (by faculty). The coefficients are not very
high, but, as predicted, they are negative and statistically significant at 5% level.

We also use data from the last three rounds of the European Social Survey (ESS)11. Our
measure of generalized trust is the regional average of individual responses to the following
question: ”Generally speaking, would you say that most people can be trusted, or that you
can’t be too careful in dealing with people? Please tell me on a score of 0 to 10, where
0 means you can’t be too careful and 10 means that most people can be trusted.” ESS
data cover all Italian regions; unfortunately data at a more disaggregated level are not
available. The last column of Table 6 reports the correlation between the university score
in our homonymity index and the average individual score in the ESS trust question in the
region where the university is located. Again, the correlation is negative and statistically
significant.

To summarize, our preliminary evidence seems to confirm the view that, in areas char-
acterized by low levels of generalized trust, family ties tend to play a more important role,
and this also in the context of the university system.

D. Nepotism and academic performance

Finally, we explore the relationship between nepotism and academic performance. As
mentioned above, the data from CENSIS cover various aspects of academic activity thus
allowing us to analyze different aspects of universities’ performance.

We start by looking at universities’ performance in the area of research. In Figure 1
we plot the average CENSIS score for research between 2001 and 2006, and our regional
version of the academic homonymity index. The figure suggests the existence of a negative
relationship between the two variables: faculties scoring higher in our homonymity index
also tend to have lower research score. As depicted in Table 7, this result is robust to
the introduction of geographic macro areas fixed effects; this finding addresses, at least in
part, the concern that our index may simply capture differences across regions. We observe
similar results when looking at the relationship between our index of homonymity and
measures of productivity and professors’ profile. In both regressions in fact the coefficients

11ESS is a bi-annual social survey designed to chart and explain the attitudes, beliefs and behavior
patterns of the European population. The ESS data have been extensively used in recent research on
social trust (see Tabellini, 2007, Guiso, Zingales and Sapienza, 2006 and Algan and Cahuc, 2006, among
others).



on AHI are negative, large and highly statistically significant. Our homonymity index is
also negative correlated with faculties’ score on the international relations criteria although
the coefficient is not significant.

In sharp contrast with the evidence for the other measures of academic performance,
we find that departments performance in the teaching measure to be positively correlated
with their score in the homonymity index. This pattern might be attributed to the way in
which the CENSIS teaching measure is constructed, and to the fact that it simply reflects
the total number of courses offered by faculty members, rather than their quality.

Overall, however, familism - as measured by our homonymity index - is associated with
poorer academic performance. When considering the global index of academic performance
(column 4), the coefficient on AHI is negative and significant (10%). The coefficients on the
geographic macro areas dummies in all the regressions confirm the existence of substantial
differences in academic performance between North and South of the country.

To further check the validity of our results, we replicate the analysis separately for the
research measure, including also discipline and university fixed effects. The qualitative
results described above continue to hold providing further support for the view that dif-
ferences in the strength of family networks may explain part of the differences in scientific
production even among department of the the same university. We finally replicate the
test using the bibliometric index from CRUI (Table 9). Again, the results remain qualita-
tively unchanged confirming that familism has a significantly negative impact on scientific
productivity and visibility.
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ZACCARIA Paola BARI FULL EDUCATION HUMANITIES

ZACCARO Giovanna BARI ASSOCIATE EDUCATION HUMANITIES

ZALLONE Alberta BARI FULL MEDICINE BIOLOGICAL SCIENCES

ZAMBONIN Carlo BARI ASSOCIATE SCIENCES CHEMICAL SCIENCES

ZAMBONIN Pier Giorgio BARI FULL SCIENCES CHEMICAL SCIENCES

ZANOTTI Franco BARI FULL MEDICINE BIOLOGICAL SCIENCES

ZARRILLI Antonia BARI ASSOCIATE VETERINARY MEDICINE AGRICULTURAL AND VETERINARY SCIENCES

ZERLOTIN Miranda BARI ASSISTANT LAW SCHOOL LAW

ZEZZA Lelio BARI FULL AGRICULTURE AGRICULTURAL AND VETERINARY SCIENCES

ZILLI Carmelo BARI FULL EDUCATION HUMANITIES

ZITO Giammaria BARI FULL SCIENCES EARTH SCIENCES

ZIZZA Alfonso BARI ASSISTANT ECONOMICS POLITICAL AND SOCIAL SCIENCES

ZIZZADORO Claudia BARI ASSISTANT VETERINARY MEDICINE AGRICULTURAL AND VETERINARY SCIENCES

ZIZZO Nicola BARI ASSOCIATE VETERINARY MEDICINE AGRICULTURAL AND VETERINARY SCIENCES

source: Italian Ministry for University and Research (MIUR)

Table 1. Example of Data on Professors

Name Position Department Disciplinary AreaUniversity



Ancona 350.866 32.669 11 1.490 ROSSI
Aosta 97.955 18.794 5 472 FAVRE

L'Aquila 212.580 19.637 11 895 ROSSI
Bari 942.530 32.400 29 5.771 LORUSSO

Bologna 754.428 69.902 11 3.051 ROSSI
Cagliari 464.976 19.603 24 7.543 MELIS

Campobasso 156.809 12.556 12 832 TESTA
Catanzaro 218.928 13.188 17 1.705 PROCOPIO
Florence 722.605 67.137 11 3.465 ROSSI
Genoa 667.803 72.834 9 5.210 PARODI
Milan 2.834.116 181.971 16 22.689 COLOMBO

Naples 1.509.143 57.905 26 31.591 ESPOSITO
Palermo 668.632 27.446 24 3.224 RUSSO
Perugia 463.916 42.811 11 3.509 ROSSI
Potenza 251.678 13.782 18 1.333 PACE
Rome 2.636.181 160.021 16 11.315 ROSSI
Trento 389.812 41.925 9 1.691 FERRARI
Turin 1.638.080 112.818 15 5.280 FERRERO

Trieste 191.029 35.332 5 500 FURLAN
Venice 606.115 50.862 12 6.505 BOSCOLO
Total 15.778.182 1.083.593

Country 40.231.516 3.253.396

 Table 2 Data on Distribution of Last Names (source: Fiscal Census)

Province Total 
population # Last names Mean 

occurencies
Max 

occurencies Most common



Academic units Province Region Circle         (40 
km)

Secondary 
Campi Country

University X X X X X

Faculty X X X X

Department X X X X

S.S.D X

Discipline X

Table 3. Criteria for Computing the Academic Homonymity Index (AHI)

Geographic units



Messina Sicily South 0,300 0,244 0,258 0,244
Catania Sicily South 0,278 0,234 0,252 0,249

Bari Puglia South 0,260 0,258 0,258 0,255
Palermo Sicily South 0,246 0,226 0,228 0,238
Naples II Campania South 0,203 0,191 0,203 0,192

Siena Toscana Center 0,140 0,126 0,139 0,131
Sassari Sardegna South 0,139 0,122 0,127 0,127

Naples IV Campania South 0,137 0,000 0,137 0,133
Salento Puglia South 0,134 0,115 0,127 0,127

Rome (Lumsa) Lazio Center 0,125 0,124 0,124 0,128
Genoa Liguria North 0,122 0,116 0,116 0,119
Salerno Campania South 0,122 0,105 0,120 0,112
Cagliari Sardegna South 0,121 0,117 0,117 0,115
Rome II Lazio Center 0,117 0,117 0,118 0,116
Milan I Lombardia North 0,112 0,111 0,110 0,113
Parma Emilia-Romagna North 0,109 0,087 0,100 0,087
Pavia Lombardia North 0,109 0,082 0,103 0,095

Rome (Biomed) Lazio Center 0,109 0,106 0,108 0,106
Casamassima Lum Puglia South 0,107 0,115 0,115 0,115
Turin (Polytechnic) Piemonte North 0,106 0,105 0,103 0,107

Rome I Lazio Center 0,102 0,101 0,101 0,102
Bologna Emilia-Romagna North 0,101 0,102 0,103 0,100
Naples III Campania South 0,099 0,098 0,099 0,098

Milan (Cattolica) Lombardia North 0,098 0,095 0,099 0,100
Milan (Polytechnic) Lombardia North 0,096 0,093 0,095 0,095

Marche (Polytechnic) Marche Center 0,088 0,082 0,085 0,085
Perugia Umbria Center 0,083 0,083 0,086 0,083

Pisa Toscana Center 0,083 0,071 0,081 0,074
Cassino Lazio Center 0,083 0,067 0,077 0,067
Foggia Puglia South 0,083 0,095 0,100 0,095

Florence Toscana Center 0,082 0,083 0,083 0,084
Camerino Lazio Center 0,082 0,072 0,072 0,070

Rome (LUISS) Lazio Center 0,081 0,079 0,080 0,079
Insubria Lombardia North 0,081 0,029 0,080 0,030
Calabria Calabria South 0,080 0,074 0,077 0,074

Modena Reggio Emilia Emilia-Romagna North 0,080 0,067 0,076 0,072
Brescia Lombardia North 0,080 0,077 0,071 0,077

Venice (IUAV) Veneto North 0,079 0,080 0,077 0,083
Verona Veneto North 0,078 0,056 0,080 0,080
Turin Piemonte North 0,077 0,081 0,079 0,078

Reggio Calabria Calabria South 0,075 0,064 0,071 0,064
Tuscia Lazio Center 0,070 0,041 0,070 0,070

Bari (Polytechnic) Puglia South 0,069 0,069 0,069 0,071
Bergamo Lombardia North 0,067 0,062 0,065 0,062

Chieti Pescara Abruzzo Center 0,063 0,053 0,063 0,065
Padua Veneto North 0,063 0,065 0,062 0,062

Basilicata Basilicata South 0,062 0,058 0,058 0,062
Urbino Marche Center 0,059 0,056 0,056 0,056

Naples III Campania South 0,055 0,052 0,055 0,052

 Table 4 AHI - By Universities

University AHI 
(region)

AHI 
(province)

AHI 
(circle)

AHI 
(secondary)Region Area



MEDICINE 0,1864 0,1994 0,1922 0,1901
VETERINARY MEDICINE 0,1227 0,1446 0,1329 0,1205

AGRICULTURE 0,1037 0,1109 0,1061 0,1077
ENGENEERING 0,1024 0,1154 0,1119 0,1053

ECONOMICS 0,0995 0,1044 0,1034 0,1022
LAW 0,0974 0,1094 0,1089 0,1017

SCIENCES 0,0956 0,1052 0,0992 0,0965
PHARMACY 0,0949 0,1076 0,0992 0,0972
EDUCATION 0,0755 0,0820 0,0759 0,0779

ARCHITECTURE 0,0681 0,0737 0,0708 0,0715
HUMANITIES 0,0640 0,0772 0,0747 0,0719

FOREIGN LANGUAGES 0,0600 0,0732 0,0762 0,0737
POLITICAL SCIENCE 0,0504 0,0533 0,0516 0,0525

STATISTICS 0,0086 0,0083 0,0083 0,0084
PSYCOLOGY 0,0065 0,0064 0,0063 0,0064
SOCIOLOGY 0,0000 0,0000 0,0000 0,0000

Table 5. Ranking of Disciplines by Average Academic Homonymity Index (AHI)

University AHI (region) AHI (province) AHI (circle) AHI (sec. 
campi)



University Department Region # Professors AHI p‐value
Bari Economics Apulia 151 0.595 0.000

Messina Veterinary medicine Sicily 64 0.495 0.000
Naples Economics Campania 144 0.463 0.000
Messina School of Medicine Sicily 542 0.458 0.000
Bari School of Medicine Apulia 417 0.456 0.000

Messina Law Sicily 69 0.447 0.000
Catania Agriculture Sicily 124 0.445 0.000
Bari Law Apulia 28 0.402 0.002
Bari Economics II Apulia 27 0.383 0.004

Palermo Economics Sicily 103 0.377 0.000
Rome (Lumsa) Law Lazio 21 0.372 0.002

Messina EducaOon Sicily 65 0.371 0.001
Naples II School of Medicine Campania 546 0.360 0.000
Bari Law Apulia 140 0.357 0.000

Catania Foreign Languages Sicily 53 0.356 0.003
Sassari School of Medicine Sardinia 169 0.354 0.000

Milan (CaQolica) Sciences Lombardy 24 0.345 0.003
Catania Economics Sicily 77 0.322 0.003
Messina Farmacy Sicily 50 0.319 0.004
Catania School of Medicine Sicily 413 0.319 0.000
Bari Veterinary medicine Apulia 84 0.313 0.000

Palermo Engineering Sicily 307 0.312 0.000
Bologna School of Medicine Emilia‐Romagna 510 0.305 0.000
Catania Architecture Sicily 37 0.302 0.016
Messina Sciences Sicily 224 0.299 0.001
Bari Sciences II Apulia 27 0.298 0.010

Naples School of Medicine Campania 620 0.293 0.000
Palermo School of Medicine Sicily 450 0.292 0.000
Salento HumaniOes Apulia 95 0.284 0.008
Siena School of Medicine Tuscany 304 0.280 0.000
Cagliari School of Medicine Sardinia 274 0.277 0.015
Bari EducaOon Apulia 107 0.274 0.001

Palermo Sciences Sicily 280 0.272 0.001
Siena Law Tuscany 61 0.264 0.004
Padua School of Medicine Veneto 504 0.257 0.000
Salento Economics Apulia 68 0.255 0.023
Naples Law Campania 195 0.252 0.002
Bologna Engineering Emilia‐Romagna 346 0.251 0.000

Milan (CaQolica) School of Medicine Lombardy 737 0.251 0.000
Bologna Economics II Emilia‐Romagna 47 0.250 0.007
Catania Law Sicily 83 0.242 0.029
Palermo Agriculture Sicily 132 0.241 0.008
Catania Farmacy Sicily 65 0.241 0.032
Macerata Economics Marche 32 0.239 0.025
Sassari Agriculture Sardinia 85 0.238 0.068

Rome (LUISS) Law Lazio 29 0.237 0.009
Casamassima Lum Law Apulia 22 0.229 0.046

Sassari Law Sardinia 53 0.228 0.085

AHI Observerd vs. Simulated Values



AHI by departments Referenda turnout Blood Donation ESS Trust Score

Province -0.2422** -0.1767** -0.2141**
Region -0.2532** -0.1735** -0.2033**

Circle (40 km) -0.2395** -0.1702** -0.1945**
Secondary Campi -0.2498** -0.1801** -0.2043**

 ** p<0.05

Social trust indicators

 Table 6 AHI and Interpersonal Trust 



 

 

 

 

 
Figure 1. Nepotism and Research 

 

 



-6.826* -8.210*** -15.550*** -1.958 -3.036*
(3.368) (3.675) (3.943) (3.195) (1.721)

-5.227*** -4.648*** 5.993*** -11.470*** -4.873***
(1.105) (1.140) (1.227) (1.045) (0.578)
1.869* 8.160*** 5.090*** 4.948*** 3.744***
(1.114) (1.122) (1.238) (1.279) (0.606)
2.030* 9.166*** 4.793*** -1.295 3.799***
(1.192) (1.145) (1.407) (1.256) (0.601)

-7.564*** -8.165*** 3.182** -9.614*** -5.417***
(1.369) (1.306) (1.461) (1.375) (0.694)

90.383*** 88.088*** 85.966*** 85.922*** 87.9230***
(0.820) (0.857) (0.920) (0.969) (0.469)

Observations 459 457 423 457 457
R-squared 0,169 0,394 0,089 0,355 0,447

*** p<0.01, ** p<0.05, * p<0.1
Robust standard errors in parentheses. Center is the default geographic area

Islands

Constant

AHI (region)

South

Noth East

North West

Table 7 Nepotism and Academic Performance

Dependent Variable: Research Productivity Professors' profile International Overall



-17.566*** -20.825*** -8.523** -7.121*
(4.057) (4.386) (3.620) (4.241)

2,126
(1.639)

2,15
(1.734)

-5.010***
(1.524)

-7.399***
(1.909)

90.160*** 93.387*** 94.017*** 71.650***
(0.827) (1.578) (1.727) (2.839)

Discipline Fixed Effect No Yes Yes Yes

University Fixed Effect No No No Yes

Observations 459 459 459 459
R-squared 0,043 0,115 0,231 0,497

*** p<0.01, ** p<0.05, * p<0.1
Robust standard errors in parentheses. Center is the default geographic area

 Table 8 Nepotism and Research Performance

Dependent Variable: Average Research Performance Score 2001-2006 (CENSIS)

Islands

Constant

AHI (region)

Noth East

North West

South



Productivity Productivity Visibility Visibility

-2.043*** -1.534* -5.142** -7.129**
(0.704) (0.906) (2.559) (3.359)

Macro Region Fixed Effect Yes No Yes No

Discipline Fixed Effect Yes Yes Yes Yes

University Fixed Effect No Yes No Yes

Observations 313 311 292 294
R-squared 0,859 0,890 0,858 0,890

*** p<0.01, ** p<0.05, * p<0.1
Robust standard errors in parentheses. Center is the default geographic area

AHI 1998 (region)

  Table 9 Nepotism and Research Performance

Dependent Variable: Average Research Performance Score 1995-1999 (CRUI)
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